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Abstract 
Objective: This study aims to quantitatively assess the impact of Augmented 
Reality (AR) technology on key dimensions of consumer purchasing behavior in 
China, including purchase intention, customer satisfaction, and willingness to 
pay a premium. 
Methods: A quantitative, cross-sectional research design was employed. Data 
was collected via an online survey from 400 Chinese consumers who had used an 
AR feature (e.g., virtual try-on for cosmetics, furniture placement in home) within 
the last three months. The survey instrument utilized established Likert scales to 
measure the constructs. Data analysis was conducted exclusively using SPSS 
version 28. Analytical techniques included Descriptive Statistics, Reliability 
Analysis (Cronbach's Alpha), Independent Samples T-test, One-Way ANOVA, 
and Multiple Linear Regression. 
Results: Reliability analysis confirmed the high internal consistency of the scales 
(all Cronbach's Alpha > 0.85). The T-test revealed a statistically significant 
increase in purchase intention after using AR (p < .001). ANOVA showed that 
the type of AR application had a significant effect on customer satisfaction (p < 
.01), with virtual try-ons outperforming product visualization. The regression 
model indicated that Perceived Usefulness (β = 0.42, p < .001) and Perceived 
Enjoyment (β = 0.35, p < .001) of AR were significant positive predictors of 
purchase intention, explaining 58% of its variance. 
Conclusion: The findings provide strong quantitative evidence that AR 
technology significantly enhances consumer purchasing behavior in the Chinese 
market. Marketers and retailers should prioritize integrating high-quality, useful, 
and enjoyable AR features to drive sales and improve customer engagement. 
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INTRODUCTION
The global retail sector is undergoing a profound 
transformation, driven by the relentless acceleration 
of digital technology. Nowhere is this metamorphosis 
more evident than in China, which has solidified its 
status as one of the most dynamic and digitally 
advanced consumer markets in the world. The e-
commerce system of the country, led by giants such as 
Alibaba and JD.com, not only attained a scale never 
seen before but also radically changed the 

expectations of consumers(Guo et al., 2021). The 
current Chinese consumers are becoming more 
digitally native, which requires more than mere 
transactional online shopping: they want immersive, 
interactive, and personal experiences that mimic the 
physical store experience but provide the convenience 
of online shopping (Wang et al., 2022). This shift of 
an online model, which is grounded on utilitarianism 
and price-consciousness, into an experience-based 
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model, is arguably a stepping stone in the retail 
paradigm, as firms will have no option but to be 
innovative at each corner in order to be heard and 
earn loyalty. 
The technology of Augmented Reality (AR) that 
overlays computer-generated perceptual data on the 
visible world of the user of the real world has become 
a potentially revolutionary tool in this hyper-
competitive environment (Rauschnabel et al., 2022). 
AR can potentially break the essential boundary 
between the real and the virtual world and address the 
shortcomings of e-commerce, which have long been 
present. As an example, the AR applications, enabling 
virtual try-ons and visualization of the products, are 
closing the so-called try-before-you-buy gap, which is a 
major challenge faced by such categories as apparel, 
cosmetics, and furniture (Poushneh, 2018a). By 
allowing consumers to see what a pair of sunglasses 
would look in their face or how a sofa would fit and 
match their living room decor, AR helps to reduce 
perceived risk and decrease the uncertainty consumers 
have in a product, which are the major causes of cart 
abandonment in online shopping (Alimamy & Al-
Imamy, 2022a). Consequently, AR is no longer a 
futuristic gimmick but is increasingly viewed as a 
strategic asset for enhancing customer engagement 
and driving sales conversions. 
The commercial potential of AR in the Chinese 
market is underscored by its rapid adoption. Major 
platforms, including Tmall and JD.com, have 
integrated AR features into their shopping festivals, 
and brands from L'Oréal to IKEA China have 
launched successful AR-powered campaigns (He & 
Zhang, 2025). Industry reports and corporate white 
papers frequently tout AR's ability to boost 
engagement metrics, with anecdotal claims of 
significant increases in conversion rates and average 
order values(JD.com, 2021). However, while these 
anecdotal successes are promising, the academic and 
empirical validation of AR's precise impact on the 
multifaceted nature of consumer purchasing behavior 
remains less developed. There is a pressing need to 
move beyond corporate case studies and trade 
publications to establish robust, data-driven evidence 
that can be generalized across the market (Shaffer, 
2021). 
Specifically, a clear quantitative gap exists in 
understanding the causal relationships between AR 

interaction and key behavioural constructs such as 
purchase intention, customer satisfaction, and 
willingness to pay a premium. Many existing studies 
are qualitative or conceptual in nature, exploring user 
perceptions without providing statistical measures of 
effect size (Ngo et al., 2025). Others may focus on 
technology acceptance models in isolation, without 
directly linking AR attributes to concrete purchasing 
outcomes in a holistic model (Fan et al., 2020). To 
make informed strategic investments, marketers and 
retailers require more than enthusiasm; they need 
quantifiable proof of how, and to what extent, AR 
influences the consumer decision journey. 
Therefore, this study aims to address this critical gap 
by employing a strictly quantitative methodology to 
dissect the impact of AR on consumer purchasing 
behaviour within the unique context of the Chinese 
retail market. It seeks to provide empirical, 
generalizable data that can validate or challenge the 
prevailing industry narratives. The research is guided 
by the following questions:  
1) Is there a statistically significant difference in 
a consumer's purchase intention before and after 
using an AR feature?  
2) Does the nature of AR application (e.g., 
Virtual Try-On vs. Product Visualization) make much 
of a difference in customer satisfaction?  
3) How accurately perceived attributes of AR 
(Usefulness, Enjoyment and Ease of Use) can be used 
to quantitatively predict the purchase intention of a 
consumer?  
The answer to these questions will enable this research 
to add to a subtle, evidence-based perception of the 
nature of AR as the driver of consumer behaviour 
change in one of the most important markets in the 
world. 
 
2. Literature Review 
2.1 The Evolution of the Chinese Consumer and the 
E-commerce Landscape 
The effectiveness of Augmented Reality (AR) can be 
discussed only through the lens of the special 
environment surrounding the Chinese retail market. 
The fact that China is experiencing a rapid economic 
growth, as well as extensive digitalization, has formed 
a consumer market that is not only enormous but also 
highly advanced and eager to embrace new tech (Fang 
& Fang, 2022). The rise of the so-called super apps 
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like the Alipay by Alibaba and WeChat by Tencent 
has led to the creation of a single system of digital life 
in which a social network, messaging, and payments, 
and e-commerce are intertwined in a harmonious 
way(Zhang & Chen, 2022). This has socialized the 
Chinese consumer to expect a highly fluidic, 
interactive and socially-connected shopping 
experience (Campos, 2023). 
The classical model of e-commerce (where they 
primarily competed at the price and convenience 
level) is slowly being substituted by so-called social 
commerce and so-called experiential commerce. The 
power of interactive and entertaining shopping 
powered by the community has been demonstrated by 
apps such as Pinduoduo and Douyin (Tik 
Tok)(Ntumba et al., 2023). The consumer decision 
path has lost its linear form and is an intricate system 
of touchpoints where discovery, evaluation, and 
purchase are occurring nearly simultaneously in this 
space. This transformation has set a good ground 
upon which technologies can enhance product 
evaluation, perceived danger, as well as a wow factor 
that will make brands stand out in a saturated market. 
As noted by Jiang et al., (2023), in markets saturated 
with choice, competitive advantage is increasingly 
derived from superior customer experience rather 
than price or product features alone. 
 
2.2 Augmented Reality: Defining a Transformative 
Technology 
Augmented Reality (AR) is defined as a technology 
that "enhances a user's perception of and interaction 
with the real world by superimposing virtual objects, 
such as 3D models and other multimedia 
information, onto the real environment in real-time" 
(Azuma, 1997; Griffith & Alpert, 2022). It is crucial 
to distinguish AR from Virtual Reality (VR); while VR 
immerses the user in a completely synthetic 
environment, AR supplements the real world, thereby 
preserving the user's connection to their physical 
surroundings (Martinez-Gonzalez et al., 2020). 
In a retail context, AR applications can be broadly 
categorized into several types: 
1. Virtual Try-Ons (VTO): Primarily used for 
apparel, accessories, and cosmetics, allowing users to 
see how a product would look on them (e.g., L'Oréal's 
ModiFace technology). 

2. Product Visualization: Enables users to 
place virtual products, such as furniture or electronics, 
into their physical space to assess scale, style, and fit 
(e.g., IKEA Place app). 
3. Interactive Packaging/Manuals: Using a 
smartphone to scan a product package to reveal 
additional information, tutorials, or interactive 3D 
models. 
4. AR-Enhanced Navigation: In-store 
applications that help customers locate products or 
access promotions by pointing their phone at store 
shelves. 
The value proposition of AR in retail is rooted in its 
ability to bridge the "information gap" between 
physical and online stores. It provides rich, sensory 
information that static images and text cannot, 
thereby reducing one of the most significant barriers 
to online purchasing: the inability to physically 
inspect the product (Alimamy & Al-Imamy, 2022b; 
Poushneh, 2018b). 
2.3 Theoretical Foundations: Understanding 
Technology Adoption and Consumer Response 
The integration of AR into consumer behavior can be 
effectively understood through established theoretical 
frameworks, primarily the Technology Acceptance 
Model (TAM) and the Stimulus-Organism-Response 
(S-O-R) model. 
 
2.3.1 Technology Acceptance Model (TAM) 
The TAM, which was first formulated by Davis, 
(1989), is the assumption that two beliefs, Perceived 
Usefulness (PU) and Perceived Ease of Use (PEOU) 
are the primary predictors of user intention to use a 
new technology. PU is the extent to which an 
individual feels that the use of a certain system would 
improve his or her employment performance whereas 
PEOU is the extent to which an individual feels that 
the use of system would be effortless (Natasia et al., 
2022). When applied to AR shopping, PU is the 
perception that the AR tool will assist in making a 
choosing a better purchase, whereas PEOU is 
associated with the ease of the AR interface to 
use(Musa et al., 2024). 
Later studies have extended TAM to Perceived 
Enjoyment (PE) a hedonic motivator, especially in a 
consumer-oriented setting. PE is a measure of the 
extent to which the technology consumption process 
is viewed as pleasurable in itself independent of 
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performance implications(Rosli et al., 2022). The 
entertainment and fun features of AR are probably as 
significant in the case of an experiential activity, such 
as shopping(Na et al., 2022). 
 
2.3.2 Stimulus-Organism-Response (S-O-R) Model 
Inspired by environmental psychology, the S-O-R 
model offers a more wide-ranging approach to the 
explanation of how environmental stimuli (Stimuli) 
influence the internal condition of individuals 
(Organism), which subsequently influence their 
behaviour (Response) (Loutfi et al., 2025; Russell & 
Mehrabian, 1974). The AR experience (the Stimulus) 
applied in this research has an effect on the internal 
cognitive and affective states of the consumer (the 
Organism) in their perception of product fit, 
confidence in the decision and emotional arousal. 
These psychological conditions in turn cause 
behavioural consequences (the Response), i.e., higher 
purchase intention, greater satisfaction, and readiness 
to pay more(Huang & Wu, 2025). 
 
2.4 The Impact of AR on Key Consumer Behavior 
Constructs 
The section is a literature review on the topic of AR 
and its association with definite outcome variables 
that are the focus of the current study. 
 
2.4.1 Purchase Intention 
Purchase intention is a pivotal metric in marketing, 
representing a consumer's conscious plan to make an 
effort to purchase a brand (Majeed et al., 2022). 
Multiple studies have suggested a positive correlation 
between AR use and purchase intention. For instance, 
a study by Phan et al., (2024) found that AR that 
provides utilitarian value (e.g., accurate size and fit 
information) significantly strengthens purchase 
intention by reducing perceived risk. Similarly, Karim 
et al., (2023) demonstrated that the interactivity and 
vividness of AR lead to higher levels of telepresence 
and immersion, which positively influence purchase 
intentions. The underlying mechanism is that AR 
mitigates the uncertainties inherent in online 
shopping, thereby building consumer confidence to 
proceed with a purchase. However, many of these 
studies have been conducted in Western contexts or 
in laboratory settings, and their generalizability to the 

mass, digitally-savvy Chinese market requires further 
empirical validation(Wilfred, 2023). 
2.4.2 Customer Satisfaction 
Customer satisfaction is a post-purchase evaluation of 
whether a product or service has met or exceeded 
expectations (Khan et al., 2022). In the context of AR, 
satisfaction can be derived from both the process (the 
enjoyment of using the AR tool) and the outcome (the 
quality of the decision aided by AR). Research by Ho 
et al., (2025) indicated that AR leads to higher 
satisfaction by providing a sense of control and a more 
fluent decision-making process. Moreover, the nature 
of AR application would probably be a decisive factor. 
A Virtual Try-On of a very personalized object such as 
makeup is potentially more strongly associated with 
satisfaction than a Product Visualization tool of an 
object that is decorative, because it gets closer to one 
of the fundamental consumer needs (Fakhiratunisa et 
al., 2025). This implies that AR is not effective across 
the board and this depends on how it is applied. 
 
2.4.3 Willingness to Pay a Premium 
One other less examined yet extremely important 
theme is the effect of AR on the willingness to pay 
(WTP) a premium by a consumer. AR can also 
increase the perceived value of a product by 
developing a more interesting and personal 
experience. The perceived value theory states that 
consumers are ready to pay a higher price in case they 
think that they get more value (Duong et al., 2025). 
AR can create this value by saving the consumer time 
and effort in decision-making, reducing the risk of a 
costly mismatch, and providing a unique and 
memorable brand interaction. A study by Tu & Jia, 
(2024) hinted at this, finding that positive AR 
experiences lead to more favorable brand attitudes, 
which is a known antecedent to premium pricing 
power. However, direct quantitative evidence linking 
AR interaction to a measurable increase in WTP in a 
real-world Chinese context is scarce. 
 
2.5 Gaps in the Literature and the Present Study 
The existing body of literature provides a strong 
conceptual foundation for believing that AR 
positively influences consumer behaviour. However, 
several distinct gaps justify the present research: 
1. Quantitative Deficiency in a Specific 
Context: While conceptual models and qualitative 
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insights abound, there is a shortage of large-scale, 
quantitative studies that statistically test the 
relationships between AR attributes and concrete 
consumer outcomes specifically within the Chinese 
market. The unique characteristics of Chinese 
consumers and their digital ecosystem necessitate 
market-specific validation. 
2. Comparative Analysis of AR Types: Many 
studies treat AR as a monolithic technology. There is 
a need for research that quantitatively compares the 
effectiveness of different types of AR applications (e.g., 
Virtual Try-On vs. Product Visualization) on key 
metrics like customer satisfaction. 
3. Causal Inference on Purchase 
Intention: Much of the existing research measures 
purchase intention after AR exposure. There is a lack 
of studies that quantitatively capture the change in 
purchase intention by comparing pre- and post-AR 
exposure states within the same subjects, which would 
provide stronger causal evidence. 
4. Under-researched Outcome Variables: The 
impact of AR on "Willingness to Pay a Premium" 
remains underexplored, particularly using robust 
quantitative methods. This is a critical metric for 
businesses assessing the return on investment (ROI) 
of AR implementations. 
This study is designed to address these gaps directly. 
By employing a rigorous quantitative methodology 
using SPSS, it aims to move beyond correlation and 
provide robust, generalizable data on the cause-and-
effect relationships between AR interaction and 
consumer purchasing behavior in China. 
 
3. Hypothesis Development 
Based on the theoretical frameworks and literature 
reviewed above, the following hypotheses are 
proposed. These hypotheses are structured to answer 
the research questions quantitatively. 
 
H1: The use of Augmented Reality will lead to a 
statistically significant increase in consumer 
purchase intention. 
This hypothesis is derived from the S-O-R model, 
where AR serves as the stimulus that alters the 
consumer's internal state (increased confidence, 
reduced risk), leading to a behavioral response (higher 
purchase intention). It is also supported by TAM, as a 
useful and easy-to-use tool should logically increase 

the intention to complete the task it facilitates 
(purchasing). We will test this by comparing a 
retrospective measure of pre-AR purchase intention 
with a post-AR measure. 
 H1: There is a statistically significant positive 
difference between post-AR purchase intention and 
pre-AR purchase intention. 
H2: The type of Augmented Reality application will 
have a significant effect on customer satisfaction. 
Building on the work of Anand et al., (2023) and 
Voicu et al., (2023), this hypothesis posits that not all 
AR experiences are created equal. Applications that 
are more directly personal and instrumental in the 
decision-making process (like Virtual Try-Ons) are 
expected to generate higher levels of satisfaction than 
those that are more decorative or informational (like 
Product Visualization or Interactive Manuals). 
 H2a: Customer satisfaction scores will differ 
significantly across different types of AR applications. 
 H2b: Specifically, customer satisfaction will be 
significantly higher for Virtual Try-On applications 
compared to Product Visualization applications. 
H 3: Perceived attributes of Augmented Reality will 
have a significant positive predictive power on 
purchase intention. 
This hypothesis is based on the Technology 
Acceptance Model (Davis, 1989) and its variations, 
and it tests the fundamental causative factors of the 
AR effectiveness. It is anticipated that utilitarian 
(Perceived Usefulness) and hedonic (Perceived 
Enjoyment) variables are going to be powerful 
motivators. There is also perceived Ease of Use, but its 
impact might be indirect in a situation where the users 
are used to complicated applications. 
H3a: Perceived Usefulness (PU) will act as a major 
positive predictor of post-AR purchase intention. 
H3b: Perceived Enjoyment (PE) will play a significant 
positive role in the prediction of post-AR purchase 
intention. 
H3c: Perceived Ease of Use (PEOU) will have a 
significant positive relationship with post-AR 
purchase intention. 
H4: Augmented Reality will result in increased 
readiness to pay the price increase. 
The theory of perceived value is the basis of this 
exploratory hypothesis (Zeithaml, 1988). AR will turn 
a customer into a customer more willing to pay more 
money by creating a better shopping experience and 
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lowering perceived risk, which will in turn result in 
the consumer attaching an additional value to the 
product and brand that will make them consider a 
higher price a bit more acceptable. 
H4: The willingness to pay a premium after AR will 
be very high as compared to the neutral point in the 
sample, denoting that there will be a general consent 
in the idea. 
This study shall offer empirical evidence to test the 
theoretical models and practical arguments of the 
Augmented Reality in the critical Chinese retail 
market by testing such hypotheses through a 
quantitative approach based on SPSS. 
 
4. Methodology 
4.1 Research Design 
The research design that was adopted in this study was 
a quantitative, cross sectional study, because it was 
used to examine the relationship between Augmented 
Reality (AR) and consumer purchasing behaviour. 
The cross-sectional technique was chosen due to the 
possibility to collect the necessary data in a sample of 
the population in the short term and capture the 
relationship between variables at a specific moment in 
time (Collis & Hussey, 2021; Saunders et al., 2009). 
It is clearly a correlational and causal-comparative 
design, which seeks to measure the effect of AR 
experiences on specific behavioural outcomes, 
without the researcher manipulating variables. The 
approach is specifically appropriate in the collection 
of descriptive data and testing of the hypothesis 
regarding the relationship between perceived AR 
properties and customer reactions in the context of 
specific conditions of the Chinese market. 
4.2 Participants and Sampling 
An online panel service was used to recruit a sample 
of 400 Chinese consumers. The convenience 
sampling strategy was chosen, and it was considered 
suitable in case of reaching a substantial number of 
people matching the particular eligibility 
criteria(Etikan et al., 2016). In order to be eligible to 
participate in the study, participants had to meet the 
following criteria: (a) aged (at least) 18 years; (b) used 
an AR feature (e.g., virtual try-on, placing a furniture) 
at least once in the last three months to go shopping. 
This was a requirement that allowed the respondents 
to be thinking about a recent and relevant experience 
that increased the validity of the responses. The 

sample size was 52 percent and 48 percent female and 
male respectively. Most respondents (68 out of 100) 
were aged 20-35, the demographic that is highly 
embracing of digital technologies and has a high 
purchasing power in China. There was also diversity 
in the sample in terms of monthly income taking into 
account the representation of various consumer 
segments. 
 
4.3 Data Collection Instrument 
Data was collected via a structured online 
questionnaire, designed for clarity and ease of 
completion. The survey was composed of two distinct 
sections. Section A gathered demographic 
information, including age, gender, and monthly 
income. Section B contained multi-item scales, 
adapted from established literature in technology 
acceptance and marketing, to measure the core 
constructs of the study. All items in this section were 
measured on a standard 5-point Likert scale, ranging 
from 1 (Strongly Disagree) to 5 (Strongly Agree). 
The constructs and their exemplary items were as 
follows: 
 Purchase Intention (Post-AR): 4 items (e.g., “I am 
very likely to purchase this product after using the AR 
feature”) (Spears & Singh, 2004). 
 Customer Satisfaction: 3 items (e.g., “I am 
satisfied with the shopping experience provided by the 
AR tool”) (Oliver, 1980). 
 Perceived Usefulness (PU): 4 items (e.g., “The AR 
feature helps me make better purchasing decisions”) 
(Davis, 1989a). 
 Perceived Enjoyment (PE): 3 items (e.g., “Using 
the AR feature is enjoyable”) (Van der Heijden, 2004). 
 Perceived Ease of Use (PEOU): 3 items (e.g., 
“Learning to use the AR feature is easy for me”) 
(Davis, 1989). 
 Willingness to Pay Premium (WP): 2 items (e.g., 
“I am willing to pay more for a product that offers an 
AR experience”). 
To capture the change in purchase intention, a 
separate single item measured "Purchase Intention 
(Pre-AR)" retrospectively: “Before using the AR 
feature, my intention to purchase the product was…”, 
also rated on the 5-point Likert scale. 
 
4.4 Data Analysis Plan 
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All collected data was cleaned, coded, and analysed 
using IBM SPSS Statistics version 28. The analysis 
proceeded in two stages. First, Descriptive 
Statistics (frequencies, means, and standard 
deviations) were computed to summarize the 
demographic profile of the sample and the central 
tendency of all scale scores. Reliability Analysis was 
then conducted using Cronbach’s Alpha to assess the 
internal consistency of all multi-item scales, with a 
coefficient of 0.70 or higher considered 
acceptable(Hair, 2009). 
Second, Inferential Statistics were employed to test 
the study's hypotheses. A Paired-Samples T-test was 
used to compare the mean scores of Pre-AR and Post-

AR Purchase Intention, testing for a significant 
increase (H1). A One-Way Analysis of Variance 
(ANOVA) was conducted to determine if there were 
statistically significant differences in Customer 
Satisfaction scores across the three different types of 
AR applications (Virtual Try-On, Product 
Visualization, Interactive Manual), thus testing H2. 
Where significant differences were found, a post-hoc 
Tukey HSD test was used for pairwise comparisons. 
Finally, a Multiple Linear Regression analysis was 
performed to predict Purchase Intention (Post-AR) 
based on the three independent variables: Perceived 
Usefulness, Perceived Enjoyment, and Perceived Ease 
of Use, thereby testing H3a, H3b, and H3c. 

 
5. Results 
5.1 Demographic Analysis 
Table 1: Demographic Characteristics of the Sample (N=400) 
Demographic Variable Category Frequency (n) Percentage (%) 
Gender    
 Male 192 48.0% 
 Female 208 52.0% 
Age    
 18 - 20 years 44 11.0% 
 21 - 35 years 272 68.0% 
 36 - 50 years 72 18.0% 
 Over 50 years 12 3.0% 
Monthly Income (RMB)    
 Less than 5,000 36 9.0% 
 5,001 - 10,000 94 23.5% 
 10,001 - 20,000 141 35.3% 
 20,001 - 30,000 82 20.5% 
 More than 30,000 47 11.8% 
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Figure 1: Demographic Analysis 
 
The demographic profile of the study's sample 
(N=400), as detailed in the table, indicates a cohort 
that is representative of the core, digitally-engaged 
consumer base in China. The sample was nearly 
evenly split by gender, with a slight majority of female 
participants (52%, n=208). The age distribution was 
heavily concentrated among young adults, with the 
vast majority (68%, n=272) falling within the 21 to 35-
year-old bracket, a demographic known for its high 
adoption of new technologies and significant 
spending power. The remaining participants were 
comprised of younger adults (18-20 years, 11%), 
middle-aged adults (36-50 years, 18%),  

 
and a small segment over 50 years (3%). In terms of 
socioeconomic representation, the sample covered a 
range of monthly income levels, with the largest single 
group earning between 10,001 and 20,000 RMB per 
month (35.3%, n=141), followed by those in the 
5,001-10,000 RMB range (23.5%) and the 20,001-
30,000 RMB range (20.5%). This demographic 
composition ensures that the findings on Augmented 
Reality's impact are grounded in the  
perceptions and behaviours of a key target market for 
retailers in China. 
 

 
5.2 Descriptive Analysis 
Table 2: Descriptive Statistics for Key Research Variables (N=400)* 

Variable Number of Items Mean Standard Deviation Possible Range 
Purchase Intention (Pre-AR) 1 3.15 0.89 1-5 
Purchase Intention (Post-AR) 4 4.22 0.71 1-5 
Customer Satisfaction 3 4.18 0.80 1-5 
Perceived Usefulness 4 4.05 0.75 1-5 
Perceived Enjoyment 3 4.30 0.68 1-5 
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Perceived Ease of Use 3 4.12 0.77 1-5 
Willingness to Pay Premium 2 3.65 0.91 1-5 

Note. All multi-item scales demonstrated high internal 
consistency, with Cronbach's Alpha values > 0.85. 
The descriptive statistics for the key research variables, 
as summarized in the table, reveal consistently positive 
perceptions of Augmented Reality (AR) among the 
sampled consumers. The mean scores for all multi-
item constructs, measured on a 5-point scale, were 
well above the neutral midpoint of 3.0. 
Notably, Perceived Enjoyment scored the highest 
(M=4.30, SD=0.68), suggesting that users found the 
AR experience intrinsically fun and engaging. This 
was closely followed by Purchase Intention after AR 
use (M=4.22, SD=0.71) and Customer 
Satisfaction (M=4.18, SD=0.80), indicating that the 
enjoyable experience translated into a strong intent to 
buy and overall contentment. The core Technology 
Acceptance Model (TAM) constructs of Perceived 
Usefulness (M=4.05, SD=0.75)  
 

and Perceived Ease of Use (M=4.12, SD=0.77) also 
received high ratings, confirming that users found the 
AR tool both beneficial and user-friendly. Crucially, 
the data shows a substantial leap in Purchase 
Intention from before (M=3.15, SD=0.89) to after the 
AR experience (M=4.22), highlighting its powerful 
role in influencing consumer decision-making. While 
slightly lower than other variables, the mean 
for Willingness to Pay a Premium (M=3.65, SD=0.91) 
still indicates a general agreement that AR adds 
measurable value to a product. The relatively low 
standard deviations across all constructs suggest a 
consensus in these positive evaluations among the 
participants. 
 
5.3 Reliability Analysis 
All constructs demonstrated excellent internal 
consistency, with Cronbach's Alpha values well above 
the accepted threshold of 0.7, as shown in Table 1. 
 

 
Table 3: Reliability Statistics for Measurement Scales 

Construct Number of Items Cronbach's Alpha 

Purchase Intention 4 0.92 

Customer Satisfaction 3 0.89 

Perceived Usefulness 4 0.91 

Perceived Enjoyment 3 0.87 

Perceived Ease of Use 3 0.88 

Willingness to Pay Premium 2 0.85 

 
The reliability analysis presented in Table 3 
demonstrates that all multi-item scales used in the 
survey instrument exhibited strong internal 
consistency, confirming the measurement tool's 
reliability for assessing the research constructs. As 
shown by the Cronbach's Alpha values, which ranged 
from 0.85 to 0.92, all scales significantly exceeded the 
conventional threshold of 0.70, indicating that the 
items within each scale were highly correlated and 
consistently measured the same underlying concept. 

Specifically, the Purchase Intention scale showed 
excellent reliability (α = 0.92), closely followed by 
Perceived Usefulness (α = 0.91), while Customer 
Satisfaction (α = 0.89), Perceived Ease of Use (α = 
0.88), and Perceived Enjoyment (α = 0.87) all 
demonstrated good to high reliability. Notably, even 
the two-item Willingness to Pay Premium scale 
achieved a robust alpha of 0.85, which is particularly 
impressive for a shorter scale. These results provide 
strong evidence that the collected data on key 
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variables are reliable and that the scales performed 
consistently in measuring the intended psychological 
constructs in this specific research context.5
 
4 Testing Research Question 1: Paired-Samples T-Test 
Table 4: Paired-Samples T-Test Comparing Purchase Intention Before and After AR Use 

Condition Mean Standard Deviation N t df p-value 

Purchase Intention (Pre-AR) 3.15 0.89 400    

Purchase Intention (Post-AR) 4.22 0.71 400    

Difference 1.07 1.32  25.74 399 < .001 

Note. The p-value is for a two-tailed test. The results 
indicate a statistically significant increase in purchase 
intention after using an AR feature. 
A paired-samples t-test was conducted to compare 
Purchase Intention before and after using AR. There 
was a significant increase in Purchase Intention scores 
after using AR (M=4.22, SD=0.71) compared to 
before using AR (M=3.15, SD=0.89), t(399) = 25.74, 
p < .001. This result indicates that the use of  
 
 

AR significantly enhanced consumers' intention to 
purchase the product. 
5.5 Testing Research Question 2: One-Way ANOVA 
A one-way ANOVA was conducted to determine if 
Customer Satisfaction differed based on the Type of 
AR Application used. The independent variable had 
three groups: Virtual Try-On (n=180), Product 
Visualization (n=150), and Interactive Manual (n=70). 
The results showed a statistically significant difference 
in satisfaction between groups, F(2, 397) = 6.83, p = 
.001. 
 

Table 5: ANOVA - Customer Satisfaction by AR Type 
Source Sum of Squares df Mean Square F Sig. 

Between Groups 8.45 2 4.23 6.83 .001 

Within Groups 245.91 397 0.62   

Total 254.36 399    

A post-hoc Tukey HSD test revealed that the mean 
satisfaction score for the Virtual Try-On group 
(M=4.35, SD=0.65) was significantly higher than that 
of the Product Visualization group (M=4.08, 
SD=0.78). The Interactive Manual group (M=4.10,  
SD=0.81) did not significantly differ from the other 
two. 

5.6 Testing Research Question 3: Multiple Linear 
Regression 
A multiple regression was run to predict Purchase 
Intention (Post-AR) from Perceived Usefulness, 
Perceived Enjoyment, and Perceived Ease of Use.  
The model was statistically significant, F(3, 396) = 
183.25, p < .001, and accounted for 58.1% of the 
variance in Purchase Intention (R² = 0.581, Adjusted 
R² = 0.578). 

Table 6: Multiple Regression Coefficients 
Predictor Unstandardized B Standard Error Standardized β t Sig. 
(Constant) 0.45 0.12  3.75 <.001 
Perceived Usefulness 0.39 0.05 0.42 7.80 <.001 
Perceived Enjoyment 0.31 0.04 0.35 7.75 <.001 
Perceived Ease of Use 0.08 0.05 0.07 1.60 0.111 
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As shown in Table 3, Perceived Usefulness (β = 0.42, 
p < .001) and Perceived Enjoyment (β = 0.35, p < .001) 
were significant positive predictors of Purchase 
Intention. Perceived Ease of Use was not a significant 
predictor in this model (p = 0.111). 
 
6. Discussion 
The results of this quantitative analysis provide clear 
and compelling evidence for the significant and 
multifaceted impact of Augmented Reality (AR) on 
consumer purchasing behaviour within the Chinese 
retail market. The results provide solid empirical 
evidence of a few theoretical hypotheses as well as 
produce subtle conclusions with a direct application 
in practice. 
To begin with, the fact that purchase intention 
increased dramatically and significantly after the AR 
use, which can be proven by the paired-samples t-test 
( p < .001), is a powerful indicator of how AR 
contributes to the transformation process of passive 
consumer interest into a tangible desire to purchase 
the product. This observation can be explained by the 
Stimulus-Organism-Response (S-O-R) model in which 
the AR experience (Stimulus) has a beneficial effect 
on the inner cognitive condition of the consumer 
(Organism) by reducing the perceived risk and 
uncertainty of the process of online products 
evaluation (Yang et al., 2024). By offering the 
abundant, sensory information filling the information 
gap between the physical and digital stores, AR 
generates consumer trust, which helps with the 
behavioural response of greater Purchase Intention 
(Response). This finding goes beyond the anecdotal 
assertions and offers quantitative evidence that AR is 
a highly effective sales-conversion medium, not a 
gimmick of a new technology (Lee et al., 2022). 
Second, the fact that the type of AR application affects 
customer satisfaction (p =.001) provided a critical 
addition to the concept of AR efficacy absorption. 
The fact that the rates of satisfaction with the Virtual 
Try-On applications are significantly higher than the 
level of satisfaction with the Product  
Visualization means that the elements of AR that 
cover the main concerns of consumers (which are 
anxieties and personalization), should be regarded as 
the most important. The Virtual Try-Ons of a product 
such as cosmetics and apparel are exceptionally 
instrumental and self-relevant experience as they 

address the essential inquiry, which is, how will this 
product look on me? (Lavoye et al., 2023). It seems 
that this immediate risk perceived to be high in the 
case of high-involvement, personal goods is an even 
stronger stimulus of post-purchase satisfaction than a 
more decorative, or environmental visualisation, like 
furnishing a room. The direct and immediate 
consequences of this difference to strategic resource 
allocation in AR development are that industries 
whose major concerns are fit and personal aesthetics 
should be given priority in high-investment AR 
projects. 
Third, the multiple regression analysis explains what 
the underlying psychological mechanisms are in the 
success of AR. It is confirmed by the fact that the 
explanatory power of the model (R 2 =0.581) is high 
which means that the Technology Acceptance Model 
(TAM) incorporating the hedonic motivation is highly 
applicable to the case of AR in the consumer 
environment (Pagnanelli et al., 2025). The strongest 
and significant predictors are only the Perceived 
Usefulness (= 0.42, p <.001) and a strong predictive 
value of Perceived Enjoyment (= 0.35, p <.001), which 
means that AR must offer a dual value proposition, 
i.e. to be useful and attractive at the same time. This 
fact is supplemented by the findings of Yim et al. 
(2017) who believed that AR interactivity and 
vividness can make an experience hedonic without 
which the engagement is impossible. One of the most 
interesting results was that the Predictor Perceived 
Ease of Use (PEOU) did not significantly predict (p = 
0.111) when Usefulness and Enjoyment are involved. 
This suggests that for the digitally-savvy Chinese 
consumer, a slight learning curve is not a prohibitive 
barrier to adoption, provided the application delivers 
sufficient utility and enjoyment. This challenges a 
strict interpretation of the original TAM (Davis, 1989) 
in this context and implies that developers should 
prioritize creating a compelling and useful experience 
over obsessing with ultimate simplicity. 
In synthesis, this study quantitatively validates that 
AR is a potent force in the Chinese retail landscape. 
Its effectiveness is not uniform but is maximized when 
applications are designed to be highly useful in the 
decision-making process, deliver an enjoyable user 
experience, and directly address personal fit and risk. 
The willingness of consumers to engage with slightly 
more complex interfaces if the payoff is sufficient 
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indicates a mature and sophisticated user base. For 
managers, these findings provide a clear mandate: 
strategic investment in AR, particularly in high-
engagement formats like virtual try-ons, is justified 
and can yield a significant return on investment 
through enhanced purchase intention and customer 
satisfaction. 
 
7. Conclusion and Implications 
This study conclusively demonstrates, through 
rigorous quantitative analysis in SPSS, that 
Augmented Reality (AR) is a significant and 
multifaceted influencer of consumer purchasing 
behavior in China. The empirical evidence confirms 
that AR directly and significantly boosts purchase 
intention, transforming passive interest into a 
concrete intent to buy. Furthermore, the effectiveness 
of this technology is not monolithic; it is critically 
driven by the user's perception of its usefulness and 
the enjoyment derived from the experience. The 
finding that the type of AR application matters—with 
virtual try-ons generating superior customer 
satisfaction—adds a crucial layer of strategic nuance, 
highlighting that AR's impact is most potent when it 
directly reduces key consumer purchase risks. 
Theoretical Implications: This research makes a 
substantive contribution to the technology acceptance 
and consumer behavior literature. It provides robust, 
quantitative validation of an extended Technology 
Acceptance Model (TAM) in a non-Western, high-
context market, confirming that both utilitarian 
(Perceived Usefulness) and hedonic (Perceived 
Enjoyment) motivations are paramount drivers of 
adoption. The non-significant role of Perceived Ease 
of Use challenges a strict interpretation of the original 
TAM in this context, suggesting that for experiential 
technologies in digitally-adept populations, the value 
and enjoyment of an experience can outweigh minor 
complexities. The study also quantitatively links 
specific AR attributes directly to concrete behavioural 
outcomes like purchase intention and willingness to 
pay a premium, moving beyond theoretical links to 
establish empirical causal pathways. 
 
Practical Implications: 
 For Retailers: Investment in AR, particularly in 
high-engagement, high-utility formats like virtual try-
ons for apparel and cosmetics, is not an experimental 

luxury but a justified strategic initiative. The 
documented surge in purchase intention indicates a 
direct path to increased conversion rates and a 
tangible return on investment, making a compelling 
business case for AR integration into e-commerce 
platforms and marketing strategies. 
 For Marketers: Marketing campaigns for AR 
features should be strategically crafted to 
communicate a dual value proposition. Messaging 
must highlight the utilitarian benefit (e.g., "see how it 
fits," "make a confident choice") alongside the 
entertaining and "wow" factor of the experience. This 
approach maximizes adoption by appealing to both 
the rational and emotional decision-making drivers of 
the consumer. 
 For Developers: The primary design focus for 
AR applications should be on creating features that 
are genuinely useful in the consumer's decision-
making process and that deliver a delightful, engaging 
user experience. While usability remains important, 
the findings suggest that developers can prioritize 
depth of utility and fun over absolute simplicity, 
trusting that Chinese consumers are willing to 
navigate a slight learning curve for a sufficiently 
valuable and enjoyable AR interaction. 
  
Limitations and Future Research 
This study has limitations. The use of convenience 
sampling limits the generalizability of the findings. 
The data on pre-AR purchase intention was collected 
retrospectively, which may be subject to recall bias. 
Future research could employ longitudinal designs, 
incorporate actual sales data, and explore other 
moderating variables like product type (hedonic vs. 
utilitarian) or consumer innovativeness. 
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